
 
 

 
 
 

HOW INDUCTIVE AND DEDUCTIVE GENERALIZATION SHAPE THE GUILT BY 
ASSOCIATION PHENOMENON AMONG FIRMS: THEORY AND EVIDENCE 

 
 

 
Ivana Naumovska 

INSEAD 
ivana.naumovska@insead.edu 

 
Edward J. Zajac 

Northwestern University 
e-zajac@kellogg.northwestern.edu 

 
 

Forthcoming in Organization Science 
 

 
Abstract 
 
This study advances and tests the notion that the phenomenon of guilt by association, whereby innocent 
organizations are penalized due to their similarity to offending organizations, is shaped by two distinct 
forms of generalization. We analyze how and why evaluators’ interpretative process following instances 
of corporate misconduct will likely include not only inductive generalization (rooted in similarity 
judgements and prototype-based categorization) but also deductive generalizing (rooted in evaluators’ 
theories and causal-based categorization). We highlight the role and relevance of this neglected distinction 
by extending guilt-by-association predictions to include two unique predictions based on deductive 
generalization. First, we posit a recipient effect: if an innocent organization falls under a negative 
stereotype that causally links the innocent firm with corporate misconduct, then that innocent firm will 
suffer a greater negative spillover effect, irrespective of its similarity to the offending firm. Second, we 
also posit a transmission effect: if the offending firm falls under the same negative stereotype, then the 
negative spillover effect to other similar firms will be lessened. We also analyze how media discourse can 
foster negative stereotypes, and thus amplify the two effects noted above. We find support for our 
hypotheses in an analysis of financial market reactions to corporate misconduct for all U.S. and 
international firms using reverse mergers (RMs) to gain publicly traded status in the U.S. We discuss the 
implications of our theoretical perspective and empirical findings for research on corporate misconduct, 
guilt by association, and stock market prejudice.  
 
Keywords: corporate misconduct, guilt by association, generalization, stigma, organizational categories, 
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INTRODUCTION 

An important finding in organizational research is that specific instances of corporate misconduct generate 

negative evaluations affecting not only the offending organization, but also innocent organizations that 

resemble the offender (Barnett and King 2008, Durand and Vergne 2015, Jonsson et al. 2009). While this 

phenomenon is often labeled “guilt by association,” the term “association” refers not to firms associating 

with each other, but rather third-party evaluators engaging in the socio-cognitive process of associating 

firms based on shared category membership, and then generalizing misconduct from the offending firm to 

innocent firms. While this process of association is rarely made explicit, it is typically conceptualized in 

terms of categories and operationalized in terms of organizational similarity (such as common industry 

membership). Categories as judgment devices provide a cognitive lens that enables generalized 

evaluations of organizations on the basis of such similarity (Durand and Paolella 2013, Porac et al. 1989, 

Vergne and Wry 2014).  

Scholars have examined guilt by association in the context of innocent firms experiencing 

negative financial market valuations due to their shared industry membership with a firm accused of 

financial misconduct (Gleason et al. 2008, Naumovska and Lavie 2020, Paruchuri and Misangyi 2015). 

Here, investors are thought to mete out the guilt-by-association effect based on their belief that a specific 

instance of misconduct indicates industry peers may have engaged in similar misconduct. Again, while the 

specific generalization process that shapes such spillovers is rarely made explicit in these empirical 

studies, theorists have sought to explain spillovers by suggesting a “sense-making process” whereby 

“stakeholders […] simplify their analyses by using mental classifications of organizational forms” (Yu et 

al. 2008: 453-454), where similar “organizational forms” are typically equated with industry categories. 

While prior research suggests that evaluators may project a single firm’s misconduct onto an 

entire category of innocent firms of the same organizational form as the offending firm, there remains 

considerable ambiguity as to the presumed mechanism(s) underlying this projection. We seek to address 

this issue by advancing and testing a more nuanced perspective on the generalization process(es) 
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underlying the guilt-by-association phenomenon. To this end, we introduce the notion that the strength 

and direction of negative spillovers will be shaped by a combination of inductive and deductive 

generalization processes, and we also connect these two fundamental types of generalization to prototype-

based and causal-based categorization processes (Durand and Paolella 2013). We suggest a parallel 

between inductive generalization and categorization based on prototypes or “family resemblances” (Rosch 

and Mervis 1975). Prototype-based categorization represents an inductive form of generalizing that, in the 

context of corporate misconduct and guilt by association, starts with observing the specific offender (the 

prototype) and then projecting a generalized negative judgment to innocent organizations that closely 

resemble the offender. An example of inductive generalization and prototype-based categorization is 

found in Jonsson et al.’s (2009) study on misconduct by a Swedish insurance firm, where those industry 

peers sharing more features/properties with the accused firm (the prototype) also experienced the most 

severe negative spillovers, even though the properties were not causally related to the misconduct. 

Our theoretical framework extends beyond such inductive generalization to include the possibility 

of deductive generalization. More specifically, we suggest that evaluators hold theories about causal 

relations between properties that can affect the direction of negative spillovers beyond what is assumed by 

inductive generalization and prototype-based categorization. While inductive generalization starts with a 

“blank slate” about the causal factors of a specific instance of corporate misconduct and moves to a 

generalization based on similarity, deductive generalization starts with a pre-existing theory about what 

drives misconduct and applies that theory in the process of generalization (e.g., applying a stereotype that 

sees firms with certain properties as more likely to commit misconduct). Note that we are emphasizing 

evaluators’ pre-existing theories, not theories formed from evidence regarding the misconduct in question. 

This alternative deductive view of generalization also has a parallel in the categorization literature—

namely, causal-based categorization, whereby evaluators hold a (potentially inaccurate) theory that 

causally links an object’s observable property (e.g., race) to an unobservable property (e.g., criminal 

behavior) (Murphy and Medin 1985, Rehder 2003a, 2003b).  
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In this study, we develop and test specific hypotheses to analyze the extent to which the guilt-by-

association phenomenon is shaped by evaluators engaging in causal-based categorization and deductive 

generalization. Our framework for analysis draws from social-psychological research on stereotyping, 

which considers how evaluators begin with a general reference about a social category (e.g., race or 

nationality) and use causal reasoning to make generalizations about unobservable properties of members 

of that category (Bodenhausen and Macrae 1998, Macrae et al. 1995). In particular, we advance two 

unique predictions based on deductive generalization, which we label a recipient effect and a transmission 

effect. The former predicts that when an innocent firm falls under a negative stereotype that causally links 

it with corporate misconduct, that innocent firm will suffer greater guilt by association, irrespective of its 

categorical similarity to the offending firm. The latter predicts that when the offending firm falls under 

such a negative causal stereotype, the guilt by association to categorically similar innocent firms will be 

lessened, given evaluators tendency to ascribe greater blame to the offender’s stereotype-congruent 

identity than to other properties that would activate similarity judgments.  

Our research design follows past studies on categorization and guilt by association (e.g., Durand 

and Vergne 2015, Jonsson et al. 2009) that theorized interpretative processes and inferred their existence 

from observed empirical effects. Specifically, we tested for the co-existence of inductive and deductive 

generalization using a rich dataset on firms that had used reverse mergers (RMs) to attain publicly-traded 

status in U.S. financial markets from 2001 to 2016. In an RM, a private company merges with a publicly-

traded empty shell, thus achieving publicly-traded status quickly and inexpensively (Feldman 2009, 

Naumovska et al. 2020). From 2001 to 2016, a variety of domestic (i.e., U.S.) and international firms 

pursued RMs, including firms from China that carried significant negative stereotypes. The dataset 

includes all instances where an RM firm was accused of accounting irregularities by U.S. financial market 

regulators, along with the subsequent stock market valuations of accused and innocent RM firms.1  

 
1 We use the terms “accused” and “offending” as shorthand for a firm accused by regulators of misconduct on a 
given date, and “innocent” as shorthand for a firm not accused by regulators of misconduct on that given date. Our 
use of these terms is not meant to pass judgment on actual behavior or reflect the final determination of an 
investigation. 
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Thus, our study examines guilt by association following corporate misconduct, where financial 

markets engaged in inductive generalization and prototype-based categorization using a specific instance 

of RM misconduct to generalize to innocent RM firms sharing properties with the offending firm (e.g., the 

same RM form, same industry, and same country of origin). We examine how financial markets engage in 

deductive generalization, and how causal-based categorization—rooted in a negative stereotype of 

Chinese firms—may further shape the magnitude and direction of negative spillovers. We also analyze 

how these stereotypes could be fostered by the media and thus amplify the deductive generalization effect. 

Finally, we conduct a number of supplementary analyses to examine the robustness of our findings and 

their interpretation. We also discuss the implications of our theoretical perspective and findings for 

research on corporate misconduct, guilt by association, stigma and organizational categories. 

THEORY 

Guilt by Association and Inductive versus Deductive Generalization 

Prior research provides strong evidence of reputational penalties following an accusation of corporate 

misconduct. It is unsurprising that offending firms experience negative stakeholder responses such as 

financial market devaluation (Karpoff et al. 2008, King and Soule 2007, Sharkey 2014) and withdrawal by 

transaction partners (Jensen 2006, Sullivan et al. 2007). It is more surprising that such penalties have been 

shown to spill over to innocent firms judged to be of the same “form” as the offending firm, typically 

conceptualized and operationalized in terms of firms in the same industry (Durand and Vergne 2015, 

Jonsson et al. 2009, Naumovska and Lavie 2020, Yue et al. 2013). An explanation for this effect rests on 

the notion that evaluators, in seeking to make sense of the organizational environment, rely on similarities 

and use prototype-based categorization (Durand and Paolella 2013, Hsu and Elsbach 2013). This is in line 

with research in cognitive psychology: “members of a category come to be viewed as prototypical of the 

category as a whole in proportion to the extent that they bear a family resemblance to (have attributes 

which overlap those of) other members of the category” (Rosch and Mervis 1975: 575). At the core of this 

approach lies the idea that a higher degree of similarity between a base (the offending firm) and a target 
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(the innocent firm) would lead to greater generalization from the base to the target (guilt by association 

transmitted from the accused firm and received by the innocent firm).  

While one cannot deny the relevance of similarity judgments in categorization and generalization, 

the invocation of categories in guilt-by-association studies has tended to presume such judgments (e.g., 

same industry) as the sole interpretative process in the enactment of a category (e.g., Paruchuri and 

Misangyi 2015). This is unsurprising, given the familiarity and seeming objectivity of the prototype-based 

doxa used to define and delineate firms into industries and sub-industries (e.g., strategic groups based on 

product niches). However, we suggest there is a need to more closely examine the implicit assumption 

underlying prototype-based categorization, that evaluators come to the process of categorization and 

generalization with an essentially “blank slate” (i.e., with no or weak prior theories about the causal 

factors between certain properties) (Smith et al. 1993). We propose that evaluators often have pre-existing 

“theories” about the causal relations between properties, and such theories trigger a deductive 

generalization process that may diverge from similarity-based judgments. Our emphasis on the importance 

of deductive generalization processes corresponds to Durand and Paolella’s (2013) suggestion for 

organizational scholarship to consider well-established findings in cognitive psychology showing that 

evaluators’ theories and causal explanations shape categorization processes (e.g., Ahn 1999, Rehder 

2003a, 2003b, Rehder and Hastie 2001).  

 As alluded above, we build on cognitive psychology to suggest that causal-based categorization 

does not presume evaluators come with a “blank slate.” Rather, a better understanding of evaluators’ 

categorization judgements requires consideration of their prior knowledge and theories about causal links 

between properties/features. A commonly used example in cognitive psychology is that people have a 

causal understanding that birds have wings and that birds fly, and the causal association between these two 

properties of birds implies that—besides many other properties that could characterize birds (e.g., 

beaks)—birds fly because they have wings. As a result, birds with smaller wings, like penguins, are less 

likely to be classified as members of the “bird” category than birds such as robins, which have more 
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developed wings. In this way, category membership is defined by evaluators’ causal reasoning (Rehder 

2003a, 2003b). We suggest that such causal reasoning (whether accurate or inaccurate) gives rise to a 

generalization process that is deductive in nature. 

Returning to the discussion of organizations, consider the use of industry and country of origin as 

bases for categorizing firms. If we take Porac et al.’s (1989) example of the knitwear industry, the intra-

industry category “Scottish knitwear firms” is invoked to imply a greater level of similarity than the 

superordinate industry category “all knitwear firms.” This suggests a prototype-based categorization 

process. Imagine the generalization process that would likely occur if evaluators were told “Italian 

knitwear firm Y has property X,” and were then asked, “Is there a difference in the likelihood of other 

Italian knitwear firms having X, relative to Scottish knitwear firms having X?” If the evaluators did not 

know anything about property X and how it is related to Scottish or Italian firms, they would be expected 

to inductively generalize the blank property X more to other Italian firms than to Scottish firms. Similarly, 

if one group of evaluators were told, “Italian knitwear firm Y has property X,” and another group of 

evaluators were told, “Scottish knitwear firm Z has property X,” and then both were asked, “What is the 

likelihood that all other knitwear firms have property X?” they would be expected to be equally likely to 

generalize property X to the broader category of knitwear firms, given the lack of any prior theories about 

property X across Italian, Scottish, or other knitwear firms. 

Note that we are not disputing such predictions. Rather, we are highlighting the assumed process 

of generalization (and prototype-based categorization) that underlies these predictions: evaluators engage 

in inductive generalization from a specific offending firm to innocent firms that resemble the offending 

firm, and the more similar an innocent firm (target) is to an offending one (base), the greater the guilt by 

association the innocent firm will suffer. Such a prediction is in line with a finding in cognitive 

psychology that evaluators’ tendency to generalize a blank property (e.g., property X, for which evaluators 

have no or weak prior theories and which is not part of their causal reasoning process) increases as a 

function of the similarity between the base and the target (Heit 2000, Rehder 2006, Sloman 1993).  
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Next, we introduce the notion of deductive generalization. Consider if the organizational property 

X is not a blank property but refers to the property of “has engaged in misconduct.” Consider further if 

evaluators have a pre-existing theory linking that property with a firm’s country of origin (e.g., evaluators 

think that since Scots are “known” to be exceedingly frugal, Scottish knitwear firms are more likely to cut 

corners everywhere they can). In this situation, the evaluators’ generalization process following an Italian 

knitwear firm being accused of misconduct will not follow the same inductive generalization path 

discussed above. Evaluators holding a pre-existing theory about the Scots would be more likely to rely on 

causal-based categorization and the corresponding deductive generalization. They would therefore infer 

that, if an Italian knitwear firm engaged in misconduct, then a Scottish knitwear firm is even more likely 

to have also engaged in fraud.2 

Note the predictive contrast between inductive and deductive generalizations. In the case of 

inductive generalization, evaluators rely on similarity (e.g., a stronger generalization from one Italian firm 

to another Italian firm), given the “blank slate” regarding the property in question. In the case of deductive 

generalization, evaluators fall back on a pre-existing stereotype that connects the firm’s country of origin 

to the property “has engaged in misconduct” (e.g., a stronger generalization from an Italian firm to a 

Scottish firm). Moreover, in the deductive generalization situation, if the instance of misconduct involved 

a Scottish (rather than an Italian) firm, the presence of the theory would weaken the generalization across 

all knitwear firms based on industry similarity, since greater weight would be given to the theory-

congruent identity of the knitwear firm (i.e., Scottish). In other words, the misconduct would be attributed 

more to the firm’s “Scottish-ness,” than to its “knitwear-ness.” Thus, considering the process of deductive 

generalization offers quite different predictions than the process of inductive generalization. 

 
2 Such predications are in line with longstanding empirical evidence in cognitive science. For example, Heit and 
Rubinstein (1994) found that for a typical blank property, such as “has a liver with two chambers,” evaluators make 
stronger generalizations from chickens to hawks than from tigers to hawks, because chickens and hawks are from 
the same category “birds” and are perceived as more similar to each other. However, Heit and Rubinstein (1994) 
also found that the generalization of the non-blank property “prefers to feed at night” was weaker from chickens to 
hawks than from tigers to hawks—the opposite of the result for the blank property “has a liver with two chambers,” 
Besides the evident biological differences between tigers and hawks, people were influenced by their causal 
knowledge that hawks and tigers are known as predators, whereas chickens are thought of as relative pacifists. 
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Which generalization process accounts for the guilt by association resulting from corporate 

misconduct? As discussed above, if evaluators do not have prior theories about a property (i.e., the 

property is blank), they will rely on similarity judgments and inductive generalization. If, instead, 

evaluators hold deterministic causal beliefs about a property, this would draw attention away from 

similarity information, and evaluators will rely on causal reasoning and deductive generalization. 

However, given that most properties have both blank and non-blank elements, and most causal 

relationships are not deterministic, generalizations are best accounted for by a model that captures both 

prototype-based and causal-based categorizations (Kemp et al. 2007). We suggest that such a model 

would best account for generalizations of corporate misconduct, since evaluators have incomplete theories 

about the causal factors of corporate misconduct, and the causal relationships are not deterministic (Zahra 

et al. 2005). In other words, given that corporate misconduct is both a blank and a non-blank property, the 

guilt-by-association phenomenon would be best captured by the inductive and deductive generalization 

pathways taken together. 

While past work has established the inductive generalization pathway, the neglected deductive 

generalization pathway merits attention, since evaluators’ theories (whether accurate or inaccurate) 

provide a lens through which evaluators make generalizations about objects’ unobserved properties 

(Rehder 2003a, 2003b). As we discuss below, these causal explanations can stem from evaluators’ lay 

theories, such as stereotypes. This use of the term theory is in line with Murphy and Medin (1985), and it 

refers to any of a host of “causal explanations” or cognitive short-cuts—rather than a complete, organized, 

scientific account—that can give rise to causal-based reasoning. By considering evaluators’ theories, one 

can analyze how the process of deductive generalization could strengthen or weaken the guilt by 

association from an offending firm to an innocent firm.  

Stereotypes and Deductive Generalization 

Causal knowledge “imposes structure on our beliefs about categories and supports projections that enable 

people to go beyond the information given” (Rehder and Hastie 2001: 323). Such knowledge need not 
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refer to rarefied expertise; rather, it may refer to the common (and naïve) way an evaluator relies on social 

stereotypes as general category knowledge. Stereotypes take the form of (naïve) theories that interrelate or 

link properties (Keil 1989), and represent social knowledge that provides a guiding framework for 

generalizations about the unobservable or unobserved properties of members of a category (Fiske 1998, 

Ridgeway 2011, Wittenbrink et al. 1998). As such, stereotypes fuel a process of generalization that rests 

on the human mind’s confirmatory nature and causal reasoning (Anderson and Bower 1980, Gavetti 

2012). While stereotypes can be positive or negative (Czopp et al. 2015), they are often viewed in terms of 

their contribution to social inequalities (Fiske, 1998). 

In the following section, we discuss how stereotypes affect the strength of guilt-by-association 

following an instance of corporate misconduct. We suggest that pre-existing stereotypes linking 

misconduct to firms’ properties will make some innocent firms “stronger” or “weaker” recipients of guilt 

by association, and some offending firms “stronger” or “weaker” transmitters of guilt by association.  

CONTEXT AND HYPOTHESES 

We situate and formalize our hypotheses in the context of domestic and international firms sharing the 

category of having achieved publicly-traded status in the U.S. by way of a reverse merger (RM). This 

popular route of going public by merging with an empty shell represents a salient category of firms that 

list on U.S. stock markets (Naumovska et al. 2020). Traditionally, a private firm seeking to “go public” 

would engage in an initial public offering (IPO), whereby an underwriter helps the firm to promote and 

sell its shares to investors. In contrast, the RM process involves the private company merging with a shell 

company that is already publicly listed, with the formerly private company taking control of the public 

company through a majority shareholder stake. This process allows the private company to avoid what 

some view as a cumbersome and expensive IPO process. 

RMs in the U.S. date back to the 1970s and were used sporadically all the way through the 1990s 

but became increasingly popular in the 2000s. While domestic U.S. firms comprised the majority of RMs, 

a large number of foreign firms used RMs to become listed in the U.S., with Chinese firms being the 
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largest foreign group of RMs. With this rise of RMs, lingering concerns about these firms’ accounting 

practices became particularly salient. Indeed, the rapid growth of RMs in the 2000s led to an increase in 

the number of accounting scandals, as RM firms’ accounting and disclosure practices were subjected to an 

increasing volume of SEC enforcement actions and litigations. The Public Company Accounting 

Oversight Board (PCAOB) issued an alert in mid-2010, voicing concerns about the quality of audits of 

RM firms, and in mid-2011 the SEC issued a warning about investing in firms that went public via an RM. 

As we discuss in more detail later in describing our dataset, a total of 491 RM firms were accused of 

misconduct in the period from 2006 to 2016. 

While the majority (282) of these 491 RMs were conducted by U.S. firms (with the remainder 

split between 126 Chinese and 83 other international firms), it is noteworthy that concerns regarding RM 

misconduct appeared almost exclusively directed at Chinese RM firms. Anecdotally, the strongly negative 

sentiment against Chinese RM firms was reflected in U.S. media articles with headlines such as, “Beware 

this Chinese Export” (Alpert and Norton 2010), “China to Wall St.: The Side-Door Shuffle” (Barboza and 

Ahmed 2011), and “Threats, lies and Chinese stocks” (Alpert 2012). Equally explicit was a claim that 

“American investors these days assume any Chinese company that lists domestically through a reverse 

merger is a fraud” (Hu and Fei 2012). We also examined this issue in greater depth by content-analyzing 

the business media articles during this period. We found that of the 133 articles in U.S. business media 

devoted to discussing the RM practice, the vast majority (115 or 86%) made an explicit negative reference 

to Chinese RM firms, leaving only 18 (14%) that focused on the RM practice without portraying Chinese 

RM firms as having poor business practices. The notion that Chinese RM firms faced a negative 

stereotype was further supported by academic research on RMs, which concluded that “contrary to media 

and regulators’ concerns […] Chinese reverse mergers exhibit higher financial reporting quality than U.S. 

and other foreign reverse merger firms” (Pollard 2016: 307) (emphasis added). Below, we consider more 

specifically how the guilt-by-association phenomenon is shaped by both inductive generalization and 

deductive generalization. 
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Inductive and Deductive Generalization  

The context of RMs and the singling-out of Chinese firms provides an excellent setting to address our 

predictions about the role of the inductive and deductive generalization processes underlying the guilt-by-

association phenomenon. Indeed, corporate misconduct is both a blank and non-blank property, and the 

guilt-by-association phenomenon is best captured by considering both inductive and deductive 

generalizations. Thus, in the context of RMs, we expect negative spillovers to result from investors using a 

combination of inductive generalization (starting from the observation of an offending RM and spilling 

over to RM firms that are more similar to the offending RM firm) and deductive generalization (starting 

from a general theory or negative stereotype about the poor quality of Chinese firms and spilling over to 

innocent Chinese RM firms, irrespective of who the offending RM firms are or the innocent firms’ 

similarity to the offending firm).  

In line with the prototype doxa and the corresponding inductive generalization, the more 

similarities there are between the offending and the innocent firm, the stronger the guilt-by-association 

effect on the innocent firm (Durand and Vergne 2015, Greve et al. 2010, Jonsson et al. 2009). In our 

context, the corporate category (RM) and the firms’ country of origin appeared as dually relevant aspects 

of the regulative and media discourse. This suggests that innocent firms of the corporate category (RM) 

would experience negative spillovers. With respect to finer-grained similarity driving inductive 

generalization, we expected that innocent RM firms that share other properties with the offending RM 

firm (in addition to the corporate category of RM) would be judged even more harshly. Scholars have 

documented that innocent firms in the same industry as an offending firm suffer more negative spillovers 

(Paruchuri and Misangyi 2015), a finding in line with inductive generalization that should also hold in the 

case of RMs. Thus, the baseline effects that prior research and inductive generalization suggest would be 

as follows: When an RM firm is accused of misconduct, (1) innocent RM firms will suffer negative 

spillovers, and (2) innocent RM firms that share more properties with the accused RM firm (e.g., being in 

the same industry, having the same country of origin), will suffer greater negative spillovers.  
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Deductive Generalization and Recipient Effect  

Next, we focus our theorizing on introducing novel hypotheses based on how the negative spillover effect 

could be shaped by causal-based explanations and deductive generalizations, rather than prototype-based 

judgements and inductive generalization. First, we consider how the negative spillover effect can depend 

on the innocent firm’s characteristics. As discussed above, a causal-based explanation involves 

generalizations along a causal property structure, whereby negative spillovers are a function of the extent 

to which investors consider a property they associate with corporate misconduct to be present in an 

innocent firm. The expectation about the relationship between an observable property and the 

unobservable property “has engaged in misconduct” could stem from (naïve) theories such as stereotypes 

(Murphy and Medin 1985). Thus, the penalties experienced by innocent RM firms would be particularly 

severe when investors see those innocent firms as fitting a pre-existing stereotype that links their 

properties and category membership to misconduct. More specifically, the negative spillover associated 

with instances of RM misconduct would be shaped by deductive generalization, where China as a country 

of origin evokes causal reasoning that Chinese RM firms are more likely to have engaged in misconduct 

(e.g., Alpert 2012, Alpert and Norton 2010). 

In terms of the specific mechanism by which stereotypes shape judgments, social psychological 

research has shown that when multiple attributions are possible, a highly salient stereotyped property can 

dominate social cognition (Hamilton et al. 1990, Macrae et al. 1995). The heightened salience (i.e., 

cognitive accessibility) of a negative stereotype implies that attention will be directed towards firms that 

fall under the stereotype (Kang and Chasteen 2009, Macrae et al. 1995). In the RM context, deductive 

generalization is fueled by anti-China “theories” that China is a source of misconduct, with media articles 

suggesting that Chinese firms imported toxic practices to the U.S.: e.g., “Chinese stock scams are the 

latest U.S. import” (Vlastelica and Bases 2011). Given this negative stereotype associated with China as a 

country of origin, we suggest a strengthening of the negative recipient effect, whereby the spread of guilt 

by association to innocent RM firms following a specific instance of RM misconduct would hit innocent 
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Chinese RM firms harder than innocent non-Chinese RM firms—even when the accused RM firm is not 

Chinese. In other words, deductive generalization would result in a disproportionately large penalty for 

innocent Chinese RMs firms, making them suffer greater penalties as recipients of negative spillovers, 

even when the offending firm is not Chinese, and regardless of the country of origin of the offending firm. 

Hypothesis 1: When an RM firm is accused of misconduct, innocent Chinese (non-Chinese) RM firms will 
receive greater (lesser) negative spillovers. 

Deductive Generalization and Transmission Effect  

Next, we consider how the negative spillover effect can also depend on the offending firm’s properties. 

Organizations, like individuals, derive multiple social categorizations from their multiple properties (e.g., 

industry, country-of-origin) (Vergne and Wry 2014). An important aspect of this multidimensionality is 

the complexity it creates for evaluators’ sensemaking and behavioral attribution when a firm is accused of 

misconduct. To navigate this complexity, evaluators tend to focus on a single, salient criterion for 

categorization that fits their theories/stereotypes and dominates their cognition. If cues for other potential 

properties and categories are noticed, they are likely to be circumscribed and inhibited (Bodenhausen and 

Macrae 1998, Macrae et al. 1995). For example, Macrae et al. (1995) showed that when a target’s 

ethnicity was salient and confirmed a stereotype, the target’s gender was more likely to be ignored. 

This line of reasoning suggests that evaluators, when considering a specific instance of RM 

misconduct, may attribute it to different salient properties of that RM firm—such as its RM status, its 

industry, or its country of origin—to a different extent. It is this causal attribution stemming from the 

China-related stereotype that shapes the transmission effect. When the offending RM is Chinese, 

evaluators’ causal reasoning would lead them to see the offense as attributable to the firm’s “Chinese-

ness” more than its “RM-ness,” weakening the typical inductive generalization by which other RM firms 

would suffer guilt by association. In other words, if the offending RM firm is Chinese, the heightened 

salience of a negative stereotype (i.e., China as a country of origin) relative to the salience of corporate 

form (RM) would result in weaker guilt by association of other innocent RM firms. Thus, we propose, as a 

specific prediction stemming from the deductive generalization component underlying the guilt-by-
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association phenomenon, that offending RM firms in a negatively stereotyped category (i.e., Chinese) 

would be weaker transmitters of negative spillovers to the category of innocent RM firms.  

Hypothesis 2: When the accused RM firm is Chinese (non-Chinese), the negative spillovers transmitted to 
all other innocent RM firms will be attenuated (amplified). 

The Role of the Media in Fueling Deductive Generalization 

Thus far, the framework for considering how deductive generalization shapes the guilt-by-association 

phenomenon generated two novel hypotheses that suggest an interesting asymmetry of spillover effects: 

when an innocent RM falls under a negative stereotype it would be particularly hard hit as a “recipient” of 

negative spillovers  (Hypothesis 1), and when an offending RM falls under that negative stereotype the 

“transmission” of negative spillover to innocent RM firms would be weaker (Hypothesis 2). Given our 

emphasis on the likely relevance of deductive generalization to negative spillovers, we next consider how 

the causal reasoning related to stereotypes may itself be subject to influence. Specifically, we focus on 

how evolving media discourse could strengthen or weaken negative stereotypes (Gorham 2006). In our 

study context of corporate misconduct, the media can play an important role by sharpening opinions about 

the offender, and thus affect the degree of negative spillovers experienced by other innocent firms. 

Earlier, in suggesting the existence of a negative stereotype facing Chinese RM firms, we 

provided descriptive data showing the general tendency of U.S. business media coverage of RMs to link 

Chinese origin with poor business practices, and we contrasted that with later academic research 

concluding that this negative association was unfounded. In this section, we expand the use of U.S. media 

discourse to consider how changes in the level of negative discourse in U.S. media about Chinese firms 

(and China more generally) can affect the spillover effects we predicted in our two earlier hypotheses. 

With regard to the recipient effect posited in Hypothesis 1, we now add the prediction that any 

heightening of general anti-China discourse in the media will increase the salience to evaluators of 

existing negative stereotypes about China and thus amplify the already strong negative spillovers that 

innocent Chinese RM firms receive. With regard to the transmission effect posited in Hypothesis 2, we 

predict that an increase in anti-Chinese media discourse will further weaken the transmission of negative 
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spillovers to innocent RM firms by intensifying evaluators’ tendency to place even greater blame on the 

offender’s “Chinese-ness” rather than its “RM-ness.” In other words, we predict that changes in the degree 

of negative China-related media discourse will act to moderate the relationships hypothesized earlier 

(Hypothesis 1 and Hypothesis 2) by affecting the salience of Chinese-ness (and the accompanying 

deductive generalization) associated with the recipient and transmission effects. Hence, we hypothesize: 

Hypothesis 3: When an RM firm is accused of misconduct, greater (lesser) negative media coverage of 
China and Chinese businesses will further amplify (attenuate) the already stronger negative spillovers 
received by innocent Chinese RM firms (our Hypothesis 1).  

Hypothesis 4: When a Chinese RM firm is accused of misconduct, greater (lesser) negative media 
coverage of China and Chinese businesses will further attenuate (amplify) the already weaker negative 
spillovers transmitted to innocent RM firms (our Hypothesis 2). 

METHODS 

Data 

We gathered data on the population of all RMs in the U.S. from 2001 to 2016. The total number of RMs 

was 2,306, of which 1,454 were conducted by U.S. firms, 473 by Chinese firms, and 379 by firms from 

other countries. We created this database of the population of RMs using data from Deal Flow Media, by 

checking for additional RMs using the SDC (Securities Data Company) database on RMs, and by 

identifying the announcements of RMs in Factiva. Importantly, we restricted our search to RMs in which 

the target firm was private, while on the other side of the transaction we identified those publicly traded 

firms that were shell companies (i.e., firms that had no operating activity before the announcement of the 

merger). We manually examined SEC filings, particularly balance sheets, income statements, and business 

descriptions of the annual (10-K) and/or quarterly report (10-Q). This information was often available in 

the first report filed after the RM takes place, usually an 8-K form. This enabled us to distinguish RMs 

that were a route to going public from standard mergers or acquisitions. 

We used the SEC Edgar website to identify all RM firms formally accused of misconduct in the 

period from 2006 (after the SEC imposed new RM-related regulations) to 2016, and to establish the 

specific dates of the accusations. We identified 491 firms that faced at least one SEC enforcement action. 
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Of these identified firms, 282 were from the U.S., 126 were from China, and 83 were from other 

countries. Figure 1 shows the distribution of accusations for Chinese and non-Chinese RM firms in the 

period 2006-2016, on a quarterly basis.  

- Insert Figure 1 about here - 

To estimate how a specific accusation against an RM firm triggers a negative spillover to innocent 

RM firms, we focused on dates with only one accusation of an RM firm, with the aim of isolating the 

country-of-origin effect of the offending firm. Dates that had multiple accusations of RM firms could not 

be part of the event study method, since multiple events would confound stock market reactions 

(MacKinlay 1997). To examine how the event of an RM firm accusation affected other innocent RM 

firms’ stock market reactions, we gathered share price data from DataStream, since other sources in 

financial markets research, such as the CRSP (Center for Research in Security Prices) database, did not 

provide full coverage of firms traded over the counter (OTC). Abnormal stock market return data was 

available for 1,762 RM firms out of the population of 2,306 firms. For 840 firms there was additional 

missing data (e.g., earnings, total assets, total debt). In the final dataset, we assessed the market reactions 

of 1,466 RMs corresponding to 147 RM firms’ accusation events. Thus, our unit of analysis is the 

combination of an innocent RM firm and an event of a peer RM firm being accused of misconduct, 

resulting in 111,264 records of innocent RM firms’ stock market reactions. 

We also used DataStream to collect other firm-level information (market value, earnings, total 

assets, total debt, exchange listing, and industry). Data on firms’ auditors came from Audit Analytics and 

manual retrieval from SEC filings in Edgar. To collect data on U.S. media coverage of China and Chinese 

businesses in the period from 2006 to 2016, we used Factiva with the search terms “China” and “Chinese” 

in the title of the article in the following media sources: Forbes, Newsweek, The New York Times, The 

Wall Street Journal, and The Washington Post (Fiss et al. 2012). We collected 8,079 articles.  

Finally, we gathered additional data to better describe our empirical context and to conduct 

supplementary analyses. Specifically, we collected data on the media coverage of RMs using Factiva: 
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Major News and Business Publications: U.S. (excluding Press-release Wires) from 2006 to 2016. We 

identified a total of 753 articles that contained any of the terms “reverse merger,” “reverse mergers,” 

“reverse acquisition,” “reverse acquisitions,” “reverse takeover,” and “reverse takeovers.” Three 

independent coders and one of the authors read all the articles to ensure that the article had RMs as the 

main theme, as opposed to simply announcing or mentioning an RM, and coded it for whether the article 

made reference to allegedly poor accounting practices by Chinese RM firms. This resulted in 133 articles 

that discussed the RM practice. Next, we used the SDC database to augment our RM data with data on the 

Chinese IPOs that took place on U.S. stock exchanges in the period 2001-2016. Using DataStream, we 

were able to collect stock price data for 183 of these, resulting in a total of 20,714 records of Chinese IPO 

firms’ stock market reactions when an RM was accused of misconduct. 

Dependent Variable and Method 

Our dependent variable was calculated using the event study method, through which we captured the stock 

market valuations of the innocent firms surrounding the event day when an RM firm was accused of 

misconduct by an SEC enforcement action (De Jong and Naumovska, 2016, MacKinlay 1997). This 

allowed us to measure the spillover of the accusation event by examining the stock market responses for 

the innocent firms. Note that any prior publicly available information (including information on the 

institutional characteristics of a firm’s country of origin) would already be incorporated into a firm’s 

existing stock price, allowing us to properly attribute any change we observed around the day of an RM 

firm accusation to this new piece of information.  

More specifically, we calculated a three-day cumulative abnormal return (CAR) starting the day 

prior to the announcement. The three-day CAR is the sum over the three-day window of the abnormal 

daily returns (ARjt) of an innocent firm. The day preceding the announcement of the accusation event was 

included because of possible leakage of information, while the day after the announcement was included 

because some announcements occurred after stock market trading had closed for the day (MacKinlay 

1997). We calculated the daily abnormal returns using the market-adjusted model ARit = Rit - Rmt, where Rit 
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is the return for firm i on day t, and Rmt is the return of the Composite Index. We assume a market beta of 

one for all of the firms, because a lack of historical share price for recently conducted RMs does not allow 

for any meaningful calculation of betas. This approach reflects the standard methodology used in the IPO 

and RM literature (e.g., De Jong and Naumovska, 2016, Loughran and Ritter 1995).  

To test Hypotheses 1-4, we conducted OLS regression analysis using the three-day CAR of the 

innocent firms as our dependent variable. To examine the extent to which the stock market returns of 

innocent RM firms related to the announcements of misconduct by a specific RM firm, we estimated the 

model CARij = αij + β 1Zij + β 2 Xij + εij., where CARij is the cumulative abnormal return for the innocent 

firm i in the three days surrounding the accusation event of a peer RM firm j, Zij is the vector of control 

variables, Xij is the vector of independent variables, and εij is the error term. Standard errors are robust and 

based on clustering innocent firm observations.  

Independent Variables 

To test Hypothesis 1, which posited that innocent Chinese RM firms would be stronger recipients of 

negative spillovers independent of the offending firm’s country of origin, we included a dummy variable 

to capture whether China was the innocent firm’s country of origin (Chinese innocent). To test Hypothesis 

2, which posited that spillovers from Chinese offending RM firms to all innocent RM firms would be 

weaker, we included a dummy variable to capture whether China was the offending firm’s country of 

origin (Chinese accused).  

To test our two moderating hypotheses (Hypotheses 3 and 4) on how media discourse may 

amplify the effects posited in Hypotheses 1 and 2, we created a measure of the China-related media tenor. 

Specifically, we used the Linguistic Inquiry Word Count (LIWC) software and its dictionary to determine 

the positive and negative emotional tone of media articles on China. We identified an article as positive if 

the ratio of positive affective content to total affective content was above 0.60, and as negative if the ratio 

of negative affective content to total affective content was above 0.60 (Love et al. 2017, Pfarrer et al. 

2010). For each accusation event we then counted the total number of positive and negative China-related 
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articles published one day prior to the accusation event, and used the Janis-Fadner coefficient of 

imbalance to construct the tenor measure (Janis and Fadner 1943). This coefficient equals: !
!"!×$
%  if P>N, 

0 if P=N, and !×$"$
!

%  if P<N, where P is the number of positive articles, N is the number of negative 

articles, and T is the total number of articles. The measure ranges from -1, indicating all media coverage is 

negative, to +1, indicating all media coverage is positive. We interacted this media tenor variable with the 

variable denoting innocent Chinese RM firms (as a test of Hypothesis 3) and the variable indicating 

accusations of Chinese RM firms (as a test of Hypothesis 4). 

Controls 

Our OLS analyses also incorporated a number of control variables to capture factors that could affect the 

innocent firm’s CAR. These included characteristics of the accusation event, the innocent RM firm, and 

dyad-level measures capturing various aspects of similarity between the innocent and offending RM firms. 

Our analyses also included the accused RM firm’s CAR in the three-day window around the accusation 

event date (Accused RM CAR). This allowed us to control for the severity of the misconduct, which could 

affect the negative spillovers experienced by the innocent firms (Goldman et al. 2012).  

We also included control variables for organizational characteristics of both the innocent and 

offending firms, since these characteristics could affect investors’ familiarity with and attention to these 

firms, influencing the negative spillovers. Specifically, we controlled for the innocent and offending 

firms’ size and public tenure, given that larger and older offending firms may attract more attention, 

whereas larger and older innocent firms are likely to be associated with lower information asymmetry 

about their accounting practices (Paruchuri and Misangyi 2015). Size was measured as the logarithm of 

the firm’s market capitalization in the week prior to the accusation (Innocent RM size, Accused RM size). 

Public tenure of the innocent and offending firm was measured by taking the difference between the 

accusation date and the date an RM firm went public, measured in days and scaled by 100 (Innocent RM 

public tenure, Accused RM public tenure). We also controlled for the stock exchange listing of the 

innocent and offending firms by identifying listings on the NYSE or NASDAQ (Innocent RM 
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NYSE/NASDAQ, Accused RM NYSE/NASDAQ), since the weaker listing requirements for the firms listed 

on the OTC might shape ex-ante expectations of misconduct and thus affect the spillovers when 

misconduct was revealed (Baker and Edelman 1992). 

With RM accusations based on the disclosure and accounting practices of the firms, we also 

thought it prudent to control for auditor reputation, given that reputable auditors may bring confidence in a 

firm’s financial accounts (Lennox 1999). This in turn could shape the spillovers transmitted by the 

accused peer, and the spillovers received by the innocent firm, with offending firms with top auditors 

triggering more negative spillovers, and innocent firms with top auditors likely receiving less negative 

spillovers. We captured whether the RM firms’ financial accounts were audited by one of the top four 

largest and most reputable auditors: PricewaterhouseCoopers, Deloitte & Touche, Ernst & Young, or 

KPMG (Innocent RM top auditor, Accused RM top auditor). We also included controls for the offending 

and innocent firms’ financial performance, given that they may influence market reactions to accusations 

of misconduct as proxies for firms’ viability (Kang 2008, Shepherd 1999). Financial performance was 

measured as return-on-assets (ROA) (Innocent RM ROA; Accused RM ROA). In addition, we followed 

Goldman et al. (2012) and controlled for the firms’ leverage, measured as the logarithm of total firm debt 

(Innocent RM debt, Accused RM debt). The accounting measures were lagged by one year to avoid 

potential confounding effects stemming from information about the accusation that could affect the 

financial results of the offending and innocent firms. We also controlled for whether an innocent RM firm 

had faced past accusations (Innocent firm accused in past), since investors may react differently to such 

firms, having already incorporated expectations about future misconduct into the market price. 

Given prior evidence supporting the inductive generalization perspective, i.e., that firms 

resembling an accused firm will suffer greater negative spillovers (e.g., Durand and Vergne 2015), we also 

controlled for various aspects of similarly between the innocent and offending RM firms. First, we 

measured whether the offending and innocent firms were members of the same industry (Paruchuri and 

Misangyi 2015), operationalized at the level of the 2-digit SIC code (Same industry). We also included 
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dummy variables that captured whether the offending and innocent RM firms were listed on the same 

stock exchange (Same exchange listing) or had the same auditor (Same auditor), given that both factors 

can facilitate judgements about similarity and negative spillovers. We also controlled for whether the 

innocent and offending RM firms shared the same country of origin (Same country). These controls, 

which capture inductive generalization, were necessary to ensure a robust test of our deductive 

generalization hypotheses regarding how the Chinese origin of both innocent and offending RM firms 

would amplify negative spillovers beyond any similarity effect. Finally, we controlled for the number of 

days between the focal accusation event and the last prior one (Days between last and focal event) given 

that the accusation rate within a category may affect the negative spillovers. Remaining temporal 

unobserved heterogeneity is accounted for by using the market model in the calculation of the CARs and 

using year dummies. 

RESULTS 

Descriptive Statistics of the Abnormal Returns of Innocent RM Firms  

Table 1 presents the cumulative abnormal returns (CARs) of innocent RM firms surrounding the three-day 

window when it was announced that the RM firm faced an enforcement action by the SEC. Panel A shows 

the average return for all 111,264 CARs, which supports our baseline prediction regarding inductive 

generalization and guilt by association. The results show that instances of RM firm misconduct led to 

innocent RM firms experiencing, on average, a significant negative abnormal return of -0.175 percent. 

Table 1 shows that innocent Chinese RM firms experienced a significantly greater devaluation (-0.272 

percent) relative to their non-Chinese RM firm counterparts (-0.149 percent), as evidenced by the t-test 

(p=0.008), suggesting preliminary support for Hypothesis 1 (tested formally in Table 3). Panel B of Table 

1, which splits the CARs based on the offending firm’s country of origin, reveals that when the offending 

firm was Chinese, the negative spillover to innocent RM firms was only -0.026 percent, and -0.224 

percent when the offending firm was non-Chinese. This statistically significant difference (t= 0.000) 

suggests preliminary support for Hypothesis 2 (tested formally in Table 3). Moreover, Table 2, which 
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provides the descriptive statistics and correlation matrix of the variables, shows a significant negative 

correlation between Innocent RM CAR and Chinese innocent, and a significant positive correlation 

between Innocent RM CAR and Chinese accused. 

- Insert Table 1 about here – 

Regression Analyses Explaining the Abnormal Returns of Innocent RM Firms  

Table 3 shows the OLS analyses for testing Hypotheses 1-4. The maximum variance inflation factor (VIF) 

index in the reported models reaches a value of 2.10, suggesting no problems of multicollinearity 

(Kleinbaum et al. 1998). Model 1 shows the baseline model with the control variables. The results show 

that the more positive (i.e., less negative) the stock market reaction of the offending RM firm, the more 

positive (i.e., less negative) the spillover experienced by innocent RM firms, suggesting a co-movement in 

stock prices between offending and innocent firms. The age of the RM firms also affected spillovers, with 

older innocent RM firms experiencing less negative spillovers, which may reflect reduced information 

asymmetry. Moreover, innocent RM firms that were listed on larger and stricter exchanges such as the 

NYSE and NASDAQ, or that had one of the four top auditors, suffered less negative spillovers. Greater 

size of innocent RM firms was associated with more negative spillovers, likely because of higher liquidity 

and greater attention paid to larger firms.  

 In terms of the characteristics of the offending RM firms, when the offending RM firm was 

larger, the negative spillovers were weaker, possibly due to the increased attention paid to the offender. 

With respect to the similarity measures, the results are consistent with the traditional view that evaluators 

rely on prototype-based categorization and inductive generalization. When the innocent and the offending 

firm shared an industry, a country of origin, or a stock exchange, the spillovers to the innocent firms were 

more negative. Finally, the longer the time difference between two accusation events, the more negative 

the spillovers experienced by innocent firms.  

- Insert Table 2 and 3 about here- 



 
 

 

23 

Having discussed the empirical findings based on our control variables in Model 1, we next 

discuss our specific hypothesized effects, which appear in Models 2-6. Model 2 shows the significant 

effect of the dummy variable for innocent Chinese firms, providing support for Hypothesis 1, which 

predicted that innocent RM firms of Chinese origin would suffer more negative spillovers (relative to non-

Chinese RM firms), independent of the offending RM firm’s country of origin. Indeed, Chinese RM firms 

suffered more negative market reactions by 0.124 percentage points (b=-0.124, p=0.011). In Model 3, the 

significant effect of the dummy variable capturing whether the offending RM firm was Chinese provides 

support for Hypothesis 2, which predicted that innocent RM firms would suffer less negative spillovers 

when the offending RM firm was Chinese. That is, when the offending RM firm was Chinese, innocent 

RM firms experienced market reactions that were 0.136 percentage points (p=0.007) less negative, 

compared to when the accused RM was non-Chinese.  

Hypothesis 3 is tested in Model 4, which includes an interaction term of the measure of media 

tenor, with the dummy variable indicating the innocent Chinese RM firms. Media tenor captures the 

relative proportion of positive to negative media articles; the lower the value of media tenor, the greater 

the proportion of negative articles. Hypothesis 3 predicted that a negative media tenor related to China 

would intensify the negative stereotyping of Chinese firms and thus further intensify the negative spillover 

hypothesized in Hypothesis 1. Consistent with Hypothesis 3, we found that more negative coverage of 

China and Chinese businesses (i.e., a lower value of media tenor) generated significantly more negative 

spillover for innocent RM firms of Chinese origin (b=0.175, p=0.026).  

- Insert Figures 2A and 2B about here- 

To test Hypothesis 4 in Model 5, we interacted the media variable with the dummy variable 

indicating whether the offending RM firm was Chinese. Again, the result supports our prediction, 

suggesting that greater anti-Chinese media coverage increased the salience of the offending RM firm’s 

Chinese origin (while decreasing the salience of its RM-ness), further weakening the negative spillover 

effect from accused Chinese RM firms to all other RM firms (b=-0.413, p=0.000).  
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We plotted the interaction results of Hypotheses 3 and 4 and their marginal effects using Stata’s 

marginsplot command (with the 95% confidence interval). For Hypothesis 3, Figure 2A shows that the 

more negative the China-related media tenor, the more negative were the spillovers to innocent Chinese 

RM firms. Moreover, as the media tenor becomes positive and approaches a value of 1, the CARs 

experienced by innocent Chinese RM firms approach the CARs experienced by non-Chinese RM firms. 

For Hypothesis 4, Figure 2B shows that the more negative the media tenor, the less negative were the 

spillovers triggered by the accusations against Chinese RM firms. The negative spillovers triggered by 

offending Chinese RM firms become similar to those triggered by non-Chinese RM firms when the media 

tenor became more positive and closer to the maximum value of 1. Taken together, these results provide 

strong support for our arguments and hypotheses regarding the relevance of deductive generalization in 

the guilt-by-association phenomenon, as well as the role of media discourse in intensifying these effects. 

SUPPLEMENTARY ANALYSES AND ROBUSTNESS CHECKS 

To build further confidence in the findings regarding evaluators’ use of deductive generalization, we 

conducted a number of robustness checks and supplementary analyses. To address possible unobserved 

heterogeneity, we employed fixed effects analyses, with Model 7 showing a fixed effect for each 

accusation event, and Model 8 showing a fixed effect for each innocent firm. Model 7 shows that Chinese 

RM firms suffered more negative spillovers after an accusation event, irrespective of the offending firm’s 

country of origin (supporting Hypothesis 1), and that increased anti-Chinese media coverage amplified 

this relationship (supporting Hypothesis 3). Model 8 shows that when the offending RM firm was 

Chinese, there was reduced negative spillover to innocent RM firms (supporting Hypothesis 2), and 

increased anti-Chinese media coverage amplified this relationship (supporting Hypothesis 4).  

We also extended our analysis to consider the possibility that the negative stereotyping of 

Chinese firms might also affect other dissimilar (i.e., non-RM) Chinese firms when an RM firm was 

accused of misconduct. Analyzing the three-day CAR associated with 204 RM accusation events, as 

experienced by the 183 Chinese firms that had used the IPO route in the period 2006-2016 (totaling 
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20,714 IPO firm-RM accusation event observations), we found that that the stereotype of Chinese firms 

led to negative spillovers to non-RM Chinese firms, with negative CAR of -0.456 percent (p=0.000). This 

was true whether the accused RM firm was Chinese or non-Chinese, and suggests that the accusation of an 

RM firm (from any country) generated negative spillovers that even affected dissimilar Chinese firms (i.e., 

those that chose the IPO, rather than the RM pathway to publicly-traded status). The strong evidence of 

deductive generalization underlying the guilt-by-association phenomenon can perhaps best be described as 

investors finding the firms “guilty of being Chinese.” 

Moreover, our findings were robust to alternative measures of key variables. With respect to our 

dependent variable, we found that the conclusions were unaffected by alternative CAR windows, i.e., two-

day or four-day event window. We also used an alternative measure of CARs on a “trade-to-trade” basis 

(to address the thin trading of RMs), and found consistent results, as we did when considering an 

alternative definition of an innocent firm as one that had never been accused of misconduct in the period 

2006-2016. With respect to our independent variables, and specifically the media discourse variable, we 

counted the total number of articles covering Chinese RMs that were published up to seven days prior to 

the accusation event date, and that had a negative tone (i.e., portrayed Chinese RM firms in a negative 

light). We used both manual coding and the LIWC text analysis program to determine the degree of 

negative tone, and these convergent methods provided additional support to Hypotheses 3 and 4. 

Moreover, examining the media coverage of RMs, we found that the U.S. media discussed RMs in ways 

that express prejudice, with Chinese RMs disproportionally portrayed as wrongdoers and described in 

terms of their nationality rather than business characteristics. Finally, we also found no difference in terms 

of spillovers between innocent U.S. RM firms and other foreign (non-Chinese) firms. This finding is 

consistent with the interpretation that Chinese RM firms emerged as a group perceived to be most 

responsible for and susceptible to misconduct (despite evidence to the contrary [Pollard 2016]). These 

results show that Chinese stereotyping was driving the spillovers, rather than the more general “home 

bias” in capital markets that can negatively affect foreign firms (French and Poterba 1991).  
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DISCUSSION AND CONCLUSIONS  

We began our study by suggesting that the understanding of the guilt-by-association phenomenon would 

benefit from greater attention to the potential heterogeneity of the mechanisms underlying this effect. We 

therefore proposed and tested an original theoretical framework that identified and distinguished between 

two forms of generalization shaping guilt by association: inductive and deductive generalization. Prior 

research in organization theory has implicitly emphasized the former, showing how instances of corporate 

misconduct lead to negative spillovers to innocent firms in the same category as the offending firm on the 

basis of prototype-based categorization (e.g., Durand and Vergne 2015, Jonsson et al. 2009, Paruchuri and 

Misangyi 2015). Our consideration of deductive generalization, which relates to causal-based 

categorization (Durand and Paolella 2013, Rehder 2003a, 2003b, Rehder and Hastie 2001), allowed us to 

suggest new hypotheses regarding the strength and direction of negative spillovers.  

We found strong support for our theoretical framework emphasizing the relevance of both 

inductive and deductive generalization in the spread of guilt by association across firms who used reverse 

mergers (RMs) to gain publicly-traded status in U.S. financial markets. Consistent with an inductive 

generalization perspective, we found that a specific instance of a misconduct accusation against an RM 

firm created more negative spillovers to other innocent RM firms based on prototype-based categorization 

(e.g., similarity in having used an RM, same country of origin, and same industry). Notably, we also found 

evidence consistent with the predictions stemming from our deductive generalization perspective, in 

which evaluators’ pre-existing theories shape negative spillovers.  

Specifically, we found that innocent Chinese RM firms, who faced an observably negative 

stereotype based on their country of origin, experienced more severe negative spillovers—even when the 

accused RM firm was not Chinese, and regardless of the country of the accused RM firm’s origin. 

Moreover, this recipient effect became stronger when accompanied with more negative U.S. media 

portrayal of China, fueling the pre-existing negative stereotype. The results also supported our 

hypothesized transmission effect, which focuses on how properties of the accused firm affect innocent 
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firms’ negative spillovers. Specifically, when the accused RM firm was Chinese, the negative spillover to 

other innocent RM firms was weaker than when the accused RM firm was non-Chinese, and this effect 

was also more pronounced when accompanied by more anti-China media discourse. While we cannot 

claim to have directly observed investors’ interpretive processes, our findings suggest that the strength and 

direction of negative spillovers are due in part to investors engaging in deductive generalization, and that 

this effect is further exacerbated when media discourse fuels negative stereotypes.   

We also conducted supplementary analyses and found that the negative spillovers due to specific 

instances of RM misconduct affected not only the valuations of innocent Chinese RM firms, but also of 

those Chinese firms that had gone public using the more traditional IPO practice. This adds further 

evidence that deductively generalized judgments were at work, with investors seemingly fixated on RM 

firms’ Chinese-ness over their RM-ness. While financial markets and their participants have been shown 

to be susceptible to cognitive biases (e.g., Hirshlifer and Subrahmanyam 1998, Rao et al. 2001) and/or 

social construction processes relating to institutional forces (e.g., Harmon 2019, Yan et al. 2019, Zajac and 

Westphal 2004), we believe our study is the first to address the possibility that financial markets are also 

subject to social biases, such as ethnic/national prejudice. The strong and consistent empirical support for 

our hypotheses provides systematic evidence of discrimination in U.S. financial markets, suggesting that 

individuals aggregated into financial markets (like those aggregated into labor markets) are not exempt 

from social biases, despite the large economic inefficiency caused by acting on prejudice. 

Interestingly, the results of testing our two different predictions (i.e., the recipient effect and the 

transmission effect) regarding deductive generalization offer insights into both who loses and who gains 

when prejudice is at work. Specifically, our first finding is consistent with the notion of a stereotype 

penalty, whereby any incident of RM misconduct negatively affects innocent Chinese RM firms to a 

greater extent than innocent non-Chinese RM firms, even if the offending firm is non-Chinese. Our second 

result, which examines what happens when the offending RM firm is in fact Chinese, shows that the 

negative spillovers to other RM firms expected based on inductive generalization is reduced, due to the 
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fact that evaluators’ negativity is more to the offending firm’s “Chinese-ness” than to its “RM-ness.”  In 

other words, the mere presence of Chinese RM firms draws negative judgment in their direction, reducing 

the negative spillover that innocent non-Chinese RM would otherwise experience.   

If deductive generalization based on a negative stereotype results in injurious consequences to 

innocent entities, what additional consequences might be expected? In the context of RM firms, there is 

evidence of both “exit and voice.” With respect to the former, “Chinese companies listed on American 

stock exchanges are increasingly heading for the exits” in response to the severity of U.S. financial 

markets’ negative stereotyping (Gough 2012). With respect to the latter, some Chinese firms took legal 

steps to address the undeserved penalties they faced. For example, CleanTech Innovations, Inc. filed a suit 

against NASDAQ for racism and discrimination, alleging racial profiling against CleanTech and other 

China-based companies. CleanTech won the case and was relisted (SEC, 2013).  We hope that our study 

spurs future research addressing the possibility of stereotyping, prejudice and discrimination, with 

particular attention to the organization as the unit of analysis, given the potentially large social and 

economic costs generated by the exercise of social biases in market situations.  

In terms of the literature on guilt-by-association resulting from instances of corporate misconduct, 

our study also highlights the benefits of moving away from simply presuming inductive generalization as 

generating negative spillovers. For example, if one advances a guilt-by-association hypothesis invoking 

only prototype-based categorization (e.g., common membership in industry X), this leaves unaddressed 

the possibility of additional casual-based categorization (e.g., a belief that firms in industry X are more 

likely to engage in fraud due to the high level of competitive intensity in that industry). In this example, 

one cannot adjudicate between deductive and inductive generalization. This highlights the importance of 

considering evaluators’ causal reasoning, which would then allow, as shown in our study, for the 

elaboration of alternative negative spillover predictions based on deductive generalization.  

One can extend our discussion of the relevance of inductive and deductive generalization by 

studying the potential heterogeneity of evaluators’ theories, expertise, and behaviors (Proffitt et al. 2000, 
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Rottman et al. 2012, Shafto and Coley 2003). For example, Shafto and Coley (2003) found that novices 

categorized fish by similarity in their appearances (i.e., prototype-based categorization) while expert 

fisherman categorized fish according to causal relations regarding their ecological properties (i.e., causal-

based categorization). Relatedly, Naumovska and Lavie (2020), in a recent study of valuations of firms 

whose industry peers were accused of misconduct, found that less sophisticated investors decreased their 

shareholdings in non-accused firms (consistent with guilt-by-association), while more sophisticated 

investors increased their shareholdings in non-accused firms (anticipating a competitive gain from the 

accusation against a rival). While our study focused on aggregate market responses to corporate 

misconduct, future research could examine how investors rely differently on inductive and deductive 

generalization as a function of their expertise, theories, and demographic characteristics (c.f., Yenkey, 

2018). Future research could also extend our analysis by consider the possible relevance of goal-based 

categorization, whereby investors would generalize based on the goals they pursue (c.f., Arjaliès and 

Durand 2019, Paolella and Durand 2016). 

Consistent with the literature on guilt-by-association resulting from instances of corporate 

misconduct, we focused on announcements of negative events and the corresponding negative spillovers 

(Greve et al. 2016, Jonsson et al. 2009, Paruchuri and Misangyi 2015). However, our theoretical 

framework on processes of inductive and deductive generalization could also be applied to spillovers 

stemming from positive events (e.g., Fosfuri and Giarratana 2009). Similarly, while our examination of 

deductive generalization emphasized a clear negative stereotyping, one could also assess positive 

stereotypes and their consequences (Czopp, et al., 2015). Future research could compare positive versus 

negative events as they relate to spillovers to organizations, linking insights from stereotyping with 

insights from the organizational literature on status (Sharkey 2014, Washington and Zajac 2005).  

Our theoretical framework on inductive and deductive generalization can also be used to extend 

research on stigma (Barlow et al. 2018, Devers et al. 2009, Hudson and Okhuysen 2009). For example, 

one could use Hudson’s (2008) notion of event-stigma and core-stigma (i.e., the latter referring to an 
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organization’s core attributes) to note that our study focused on the generalization of event-stigma from an 

offending firm to innocent firms, and that one could also examine generalization associated with core-

stigma.  If event- and core-stigma fall under the same causal-reasoning structure (i.e., a belief that firms 

with a certain core-stigma are more likely to engage in a specific stigmatizing act), core-stigma may 

behave like a negative stereotype, with deductive generalizing leading firms with a core-stigma to 

experience larger negative spillovers when a peer experiences a stigmatizing event. Considering how 

stigma relates to deductive and indicative generalization processes could also shed light on stigma by 

association that results from structural relationships based on individual and organizational ties (Kang, 

2008, McDonnell and Werner 2016, Pontikes et al. 2010). Indeed, recent findings suggest that the 

demographic characteristics of individuals associated with corporate misconduct shape the reputational 

penalties they face (Naumovska et al. 2020), suggesting that evaluators’ theories about the causes of the 

corporate misconduct might also shape the stigmatization of specific individuals associated with it.   

In conclusion, we hope that our study motivates greater attention to the fact that the “association” 

in the guilt-by-association phenomenon should be understood as a complex socio-cognitive process by 

which evaluators reach generalizations and categorizations regarding firms. In contrast to the traditional 

emphasis on industry as the primary category for spillover effects (e.g., Durand and Vergne 2015, Jonsson 

et al. 2009), we show how a corporate form (RM) and a country of origin (China) can represent salient 

categories that imply alternative generalization processes. While we recognize the potential “infinite 

dimensionality” (Cattani et al. 2017: 67) involved in categorizing firms, our study shows how attending to 

evaluators’ likely interpretative processes can help in both identifying relevant properties and determining 

whether the property in question is likely to involve an inductive or deductive generalization process. 

More generally, we hope that our focus on these two fundamentally different forms of generalizing opens 

avenues for future research with attention to firms and their third-party evaluators, given the potentially 

large social and economic consequences that stem from the interpretive processes of inductive and 

deductive generalization. 
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Figure 1. Distribution of accusations, for Chinese and non-Chinese RM firms, in the period 
2006-2016 on a quarterly basis 
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Table 1. T-tests of the CARs of innocent RM firms when another RM firm is accused of 
misconduct 

Panel A: CARs categorized on the basis of the country of origin of the innocent RMs firms. 
 All innocent  Chinese innocent  Other innocent 

 N=111,264  N=23,707  N=87,557 

Mean -0.175  -0.272  -0.149 

T-test -9.232  -7.111   -6.841 

      

Difference T-test   2.656   

      

Panel B: CARs categorized on the basis of the country of origin of the accused RMs firms. 

   Chinese accused  Other accused 

   N=27,261  N=84,003 

Mean   -0.026  -0.224 

T-test   -0.672  -10,273 

     

Difference T-test   -4,478   

            
Note: T-test and Difference T-test are two-sided. 
 

 



 
 

 

37 

Table 2. Correlation matrix and descriptive statistics 
Variables Mean S.D. Median Min Max 1 2 3 4 

 1. Innocent RM CAR  -0.175 6.336 -0.514 -9.965 10.017     
 2. Accused RM CAR -0.588 3.425 -0.356 -6.689 4.189 0.057    
 3. Innocent RM size 2.030 1.756 1.717 0.000 10.063 -0.022 0.004   
 4. Accused RM size 1.257 1.559 0.399 0.010 6.163 0.013 -0.064 0.009  
 5. Innocent RM public tenure 18.093 10.149 17.120 0.010 58.030 0.019 0.029 -0.147 -0.078 
 6. Accused RM public tenure 20.789 9.501 20.850 0.450 44.500 0.004 0.097 -0.012 -0.391 
 7. Innocent RM NYSE/NASDAQ 0.129 0.335 0.000 0.000 1.000 0.006 -0.002 0.268 0.005 
 8. Accused RM NYSE/NASDAQ 0.135 0.342 0.000 0.000 1.000 -0.002 0.060 -0.009 -0.071 
 9. Innocent RM top auditor 0.029 0.169 0.000 0.000 1.000 0.008 0.006 0.218 -0.008 
10. Accused RM top auditor 0.022 0.148 0.000 0.000 1.000 -0.005 -0.065 -0.008 -0.040 
11. Innocent RM ROA -20.488 231.614 -0.699 -9903.116 642.184 0.000 -0.003 0.047 0.003 
12. Accused RM ROA -19.805 126.850 -0.576 -1605.086 10.457 -0.007 -0.047 -0.001 0.064 
13. Innocent RM debt 6.359 3.666 7.106 0.000 15.503 0.002 0.003 -0.031 -0.002 
14. Accused RM debt 6.454 3.764 7.223 0.000 15.041 -0.001 0.063 0.006 0.087 
15. Innocent firm accused in past 0.039 0.194 0.000 0.000 1.000 0.006 0.000 -0.076 -0.008 
16. Same industry 0.063 0.243 0.000 0.000 1.000 -0.007 0.000 -0.003 -0.007 
17. Same exchange listing 0.699 0.459 1.000 0.000 1.000 -0.008 -0.059 -0.188 0.049 
18. Same auditor 0.008 0.087 0.000 0.000 1.000 0.004 -0.002 0.001 0.009 
19. Same country 0.431 0.495 0.000 0.000 1.000 -0.006 -0.003 -0.010 -0.049 
20. Days between last and focal event 16.608 21.160 13.000 1.000 243.000 -0.024 -0.066 0.012 0.104 
21. Chinese innocent 0.213 0.409 0.000 0.000 1.000 -0.008 -0.008 0.088 0.013 
22. Chinese accused 0.245 0.430 0.000 0.000 1.000 0.013 0.078 -0.002 0.125 
23. China-related media tenor 0.483 0.544 0.375 -1.000 1.000 -0.008 0.056 -0.009 -0.109 

 
 
 
 
 
 
 



 
 

 

38 

Variables 5 6 7 8 9 10 11 12 13 14 

 6. Accused RM public tenure 0.122          
 7. Innocent RM NYSE/NASDAQ 0.152 -0.012         
 8. Accused RM NYSE/NASDAQ -0.002 0.169 0.002        
 9. Innocent RM top auditor 0.120 0.009 0.132 0.000       
10. Accused RM top auditor -0.024 0.058 0.003 0.184 -0.004      
11. Innocent RM ROA 0.020 -0.002 0.033 0.002 0.015 0.002     
12. Accused RM ROA -0.046 0.165 0.006 0.057 -0.007 0.023 0.000    
13. Innocent RM debt 0.110 0.001 0.129 0.003 0.048 0.001 0.052 -0.001   
14. Accused RM debt 0.002 0.176 0.000 0.141 0.004 0.098 -0.001 0.130 0.001  
15. Innocent firm accused in past 0.123 0.014 -0.001 0.002 -0.012 -0.003 0.013 0.000 -0.027 -0.002 
16. Same industry -0.006 -0.029 -0.002 0.020 -0.002 -0.012 0.009 -0.026 -0.021 -0.038 
17. Same exchange listing -0.122 -0.133 -0.494 -0.512 -0.110 -0.092 -0.026 -0.045 -0.058 -0.056 
18. Same auditor -0.003 -0.010 0.001 0.004 -0.008 -0.005 -0.008 0.000 0.001 -0.001 
19. Same country -0.015 -0.036 -0.024 -0.098 0.005 0.024 0.002 -0.068 0.000 -0.038 
20. Days between last and focal event -0.091 -0.185 0.016 0.068 -0.005 0.143 0.006 0.026 -0.008 0.032 
21. Chinese innocent 0.015 -0.019 0.258 0.002 -0.042 0.007 0.040 0.012 0.176 -0.004 
22. Chinese accused 0.066 0.134 -0.008 0.222 0.003 0.006 -0.001 0.087 -0.001 0.358 
23. China-related media tenor 0.023 0.041 0.000 0.016 0.000 0.082 0.003 0.077 -0.001 -0.079 

 
Variables 15 16 17 18 19 20 21 22 

16. Same industry 0.002        
17. Same exchange listing 0.009 -0.014       
18. Same auditor 0.001 0.008 0.007      
19. Same country -0.003 0.020 0.101 0.016     
20. Days between last and focal event -0.020 0.012 -0.019 -0.008 -0.027    
21. Chinese innocent -0.028 -0.005 -0.151 0.008 -0.211 0.005   
22. Chinese accused 0.007 -0.033 -0.170 -0.001 -0.244 -0.033 -0.009  
23. China-related media tenor 0.003 0.030 -0.003 -0.008 -0.093 -0.016 -0.001 0.033 
*Correlations above 0.006 are significant at 0.05 level 
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 Table 3. OLS analyses of the CARs of innocent RM firms when another RM firm is accused of misconduct 

  Model 1 Model 2 Model 3 Model 4 Model 5 Model 6 Model 7 Model 8 

Accused RM CAR 0.085*** 0.085*** 0.084*** 0.085*** 0.082*** 0.082***  0.078*** 
(0.006) (0.006) (0.006) (0.006) (0.006) (0.006)  (0.006) 

Innocent RM size -0.098*** -0.097*** -0.098*** -0.097*** -0.098*** -0.096*** -0.103*** -0.328*** 
(0.012) (0.012) (0.012) (0.012) (0.012) (0.012) (0.012) (0.023) 

Accused RM size 0.117*** 0.116*** 0.113*** 0.112*** 0.115*** 0.115***  0.106*** 
(0.014) (0.014) (0.015) (0.015) (0.015) (0.015)  (0.014) 

Innocent RM public tenure 0.004† 0.004† 0.004† 0.004† 0.004† 0.004† 0.004† -0.086*** 
(0.002) (0.002) (0.002) (0.002) (0.002) (0.002) (0.002) (0.020) 

Accused RM public tenure -0.002 -0.002 -0.002 -0.002 -0.000 -0.000  -0.000 
(0.003) (0.003) (0.003) (0.003) (0.003) (0.003)  (0.003) 

Innocent RM NYSE/NASDAQ 0.106 0.138* 0.116† 0.143* 0.116† 0.147* 0.119  
(0.070) (0.070) (0.070) (0.070) (0.070) (0.070) (0.074)  

Accused RM NYSE/NASDAQ -0.054 -0.059 -0.072 -0.060 -0.076 -0.081  -0.095 
(0.070) (0.070) (0.071) (0.070) (0.071) (0.070)  (0.077) 

Innocent RM top auditor 0.388*** 0.362*** 0.389*** 0.362*** 0.389*** 0.364*** 0.376** 0.372 
(0.105) (0.105) (0.105) (0.105) (0.105) (0.105) (0.115) (0.245) 

Accused RM top auditor -0.153 -0.150 -0.143 -0.103 -0.119 -0.116  -0.127 
(0.133) (0.133) (0.132) (0.133) (0.134) (0.134)  (0.138) 

Innocent RM ROA 0.000 0.000 0.000 0.000 0.000 0.000 0.000 0.000 
(0.000) (0.000) (0.000) (0.000) (0.000) (0.000) (0.000) (0.000) 

Accused RM ROA -0.000 -0.000 -0.000 -0.000 -0.000 -0.000  -0.000 
(0.000) (0.000) (0.000) (0.000) (0.000) (0.000)  (0.000) 

Innocent RM debt -0.003 -0.001 -0.003 -0.001 -0.003 -0.001 -0.001 0.001 
(0.005) (0.005) (0.005) (0.005) (0.005) (0.005) (0.005) (0.012) 

Accused RM debt 0.007 0.007 0.003 0.006 0.003 0.003  0.004 
(0.005) (0.005) (0.006) (0.005) (0.006) (0.006)  (0.006) 

Innocent firm accused in past 0.124 0.119 0.125 0.119 0.124 0.119 0.122 -0.078 
(0.105) (0.104) (0.105) (0.105) (0.105) (0.104) (0.097) (0.197) 
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  Model 1 Model 2 Model 3 Model 4 Model 5 Model 6 Model 7a Model 8b 

Same industry -0.137† -0.136† -0.131† -0.131† -0.134† -0.133† 0.032 -0.111 
(0.079) (0.079) (0.079) (0.079) (0.079) (0.079) (0.079) (0.081) 

Same exchange listing -0.148* -0.152* -0.133* -0.146* -0.132* -0.137* -0.186** -0.187** 
(0.062) (0.061) (0.062) (0.062) (0.062) (0.062) (0.066) (0.071) 

Same auditor 0.221 0.228 0.219 0.229 0.225 0.234 0.204 0.219 
(0.224) (0.224) (0.224) (0.224) (0.224) (0.224) (0.216) (0.220) 

Same country -0.076* -0.098* -0.055 -0.113** -0.060 -0.088* -0.041 -0.127** 
(0.038) (0.039) (0.038) (0.039) (0.038) (0.039) (0.045) (0.045) 

Days between last and focal event -0.012*** -0.012*** -0.012*** -0.012*** -0.011*** -0.011***  -0.011*** 
(0.001) (0.001) (0.001) (0.001) (0.001) (0.001)  (0.001) 

Chinese innocent  -0.124*  -0.212***  -0.201** -0.197**  
 (0.049)  (0.062)  (0.062) (0.065)  

Chinese accused   0.136**  0.326*** 0.317***  0.327*** 

  (0.050)  (0.064) (0.064)  (0.067) 
China-related media tenor    -0.135*** 0.005 -0.033  -0.024 

   (0.040) (0.042) (0.046)  (0.048) 
Chinese innocent* 
China-related media tenor  

   0.175*  0.166* 0.186* 0.174* 

   (0.078)  (0.079) (0.084) (0.085) 
Chinese accused* 
China-related media tenor  

    -0.413*** -0.410***  -0.445*** 

    (0.090) (0.090)  (0.089) 
Intercept 3.303*** 3.308*** 3.351*** 3.491*** 3.083*** 3.119*** 0.108 3.507*** 

(0.477) (0.477) (0.477) (0.481) (0.490) (0.491) (0.085) (0.525) 
N 111264 111264 111264 111264 111264 111264 111264 111264 
R^2 0.009 0.009 0.009 0.009 0.009 0.009 0.042 0.025 
F 30.334 29.906 29.917 29.327 30.629 29.362 9.449 36.181 

Year dummies included; Standard errors based on clustered firm observations in parenthesis. 
a- Model 7 includes event fixed effects. 
b- Model 8 includes firm fixed effects. 
† p<0.10, * p<0.05, ** p<0.01, *** p<0.001 
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Figures 2A and 2B: Marginal effects of China-related media tenor on the CARs of innocent RM 
firms, considering the Chinese origin of the accused and innocent RM firms 
 

Figure 2A: Hypothesis 3 

 
 

 

 

 

 

 

 

 

 

 
 
 
 

Figure 2B: Hypothesis 4 

 


